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Estimates of productivity gains from Al vary
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! Data sources for task level productivity gains: coding output from Gambacorta et al (2026b); coding task completion rate from Peng et al
(2024); consultant tasks from Dell’Acqua et al (2023); clerical tasks and writing from Noy and Zhang (2023); software developers’ productivity
from Cui et al (2025); and customer support from Brynjolfsson et al (2025b).

Sources: Brynjolfsson et al (2025b); Cui et al (2025); Dell'’Acgua et al (2023); Gambacorta et al (2026b); Noy and Zhang (2023); Peng et al (2024).
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Sources of heterogeneity
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The Al supply chain is highly concentrated
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Source: Gambacorta L and V Shreeti (2025): “The Al supply chain”, BIS no 154, March.

% Market concentration is evident across almost all layers of the Al supply chain
% Impact on competition and contestability remains unclear, particularly in Al applications

% Big techs are expanding their footprint over the Al supply chain, integrating their services
across different markets to reinforce their dominance
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Al preparedness differs across countries

A. Al preparedness index and employment share in high-  B. Al preparedness index: dimensions
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T The Al preparedness index (AIPI) covers 174 countries as of 2023 and is computed as the sum of four equally weighted components: digital
infrastructures; human capital and labour market policies; innovation and economic integration; and regulation and ethics. Each component
is derived from multiple macro-structural indicators, sourced from different international institutions. The AIPI ranges from 0 to 1, with higher
values indicating greater Al preparedness. For EA, simple average of all EA economies.

Sources: Cazzaniga et al (2024); Cerutti et al (2025); Gambacorta et al (2026).

<3BIS




<3BIS

Production structure in many EMEs may not favour Al deployment

A. Industry-level exposure to Al"?
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! Based on estimates about the extent that gen Al can be used across workplace abilities and occupations in the United States, aggregated
to the sectoral level. Higher numbers indicate greater industry-level exposure to Al. ¢ “Professional” includes professional, scientific and
technical activities and administrative and support service activities. "Other” includes other service activities and activities of households as
employers, as well as undifferentiated goods- and services-producing activities of households for own use. * Based on data on real value
added by country and industry at constant 2010 prices in 56 economies (29 AEs and 27 EMEs).

Source: Gambacorta et al (2025)




Macroeconomic effects: short vs long term

<3BIS



<3BIS

Early productivity gains and growth effects

A. Al preparedness associated with B. Estimated short-term growth impact of Al varies widely across countries?
labour productivity growth’

Estimated value added growth with respect to the country with the lowest AIPI score,
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T Dots plot the percentage change in labour productivity between Q4 2023 and Q4 2025 against the Al preparedness index score in 2023.
The blue line indicates the relationship between the two. Country sample: AU, BE, CA, DE, EE, ES, FI, FR, GB, IS, IT, JP, KR, LU, NL, NO, PT, SE
and US. 2 Based on the approach to estimate the short-run growth effects of Al in Gambacorta et al (2025); estimates computed relative to
the country with the lowest Al preparedness index (AIPI) score in the sample (Cambodia). DEs = developing economies, simple average of BD,
KG, KH and NP. “Others” in EMEs: BG, FJ, HU, KZ, LK, MN, RO and RU. “Others” in AEs: AT, BE, CY, DK, EE, FI, GR, HR, LT, LV, MT, NL, PT, Sl and
SK. See Annex A for details.

Sources: Gambacorta et al (2025); national data; BIS.




The long-term effects of an increase in productivity due to Al

In per cent, estimated change in the growth rate of real output

A. No catching up — Al gap persists B. Partial convergence: Al gap with the US halves
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' The graph shows the effects of a perfectly anticipated positive supply shock to TFP arising from gen Al. The simulation covers 70 countries
— 23 AEs and 47 EMDEs — and uses the Al industry exposure measure developed by Felten et al (2021) to assess the order of the impact of Al

adoption across industries. The calibration is set so that the aggregate impact on TFP growth amounts to 0.5% per year for the U5, as a
benchmark, over a decade.

Source: Cornelll et al (2026).
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Main takeaways

® Al's near-term growth benefits are uneven across countries, with AEs better
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placed to benefit than EMEs due to higher potential productivity gains

This reflects differences in the Al supply chain, Al preparedness and sectoral
composition. Economies with sectors more exposed to Al-intensive services
and those with better digital infrastructure, skills and institutions see larger

productivity gains

Reducing gaps in Al preparedness could facilitate long-term growth
convergence, as stronger digital infrastructure, human capital and
institutional capacity would enable EMEs to better harness Al and narrow
cross-country growth differences
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